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Task Recommendation Method Based on Collaborative Ranking
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Abstract: To solve the problem of low data quality and high incentive cost caused by the inactivity of participants in
mobile crowd sensing, this paper proposes a task recommendation method. We could analyze the participants according to
their historical behavior, and filter out low-quality sensing users. Meanwhile, the similarity among the participants was used
to build a user-hybrid model. Then, the participants' willingness would be predicted by the probabilistic matrix factorization,
and a ranking model was obtained. Finally, a task recommendation list was generated on the basis of ranking model as the
preferred task list for the target participants. The simulation experiments based on the real dataset show that the proposed
method in this paper can improve the accuracy of task assignment effectively and reduce the moving distance of sensing us-
ers simultaneously.
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